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s+ 0O " ® ‘efrB Tpa 0 it nefEB v ’
Tt . e o ® _O0 " "Ppar 2, @7 — 0 4 "
4 e " " 4 “CDNA/ aN[sra o, G — 1 0 4
" 1-correlation( 2" b4 @ _OP4+~ T - O - - " o — P

15



R A 6" —
—b 0-1 "

o "1 P
I o o
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. OP4 __' 4~ 1cosq( 2 b5 " 4

1 Unsupervised learning

1.1 Self-organizing map 2.4.2.1(b1)
1.2 Principal component analysis 2.4.2.1(b2)
1.3 Independent component analysis 2.4.2.1(b3)
1.4 K-medoid method 2.4.2.1(b4)
1.5 Hierarchical clustering 2.4.2.1(b5)
(a) Bottom-up methods
Single linkage, Complete linkage, Mean linkage, Centroid linkage
(b) Top-down methods
Tree structured vector quantization, Macnaughton-Smith algorithm
1.6 K-means method 2.4.2.1(b6)
2. Supervised learning
2.1 Support vector machines 2.4.2.2(bl)
2.2 Nearest neighbor classifiers 2.4.2.2(b2)
2.3 Discriminant function based on linear discriminant 2.4.2.2(b3)
Bayes rule, Maximum likelihood discriminant rule,
Fisher linear discriminant analysis, Logistic discrimination,
Penalized discriminant analysis
2e FB” _
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" L=y [ ]aMox. 2
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1
_&M 101
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(b2) Mahalanobis metrix
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windows XP
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5. TREBAX & a* ”

TREBAX <& o* , , ' o7 a 0 _ — mainfjpg(eo %= F )’ Category.txt” memo.txt’ Category.txt’
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